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Representative  investors  whose  behavior  is  modeled  by  a  deterministic
finite automaton generate complexity both in the time series of each as-
set  and in the cross-sectional correlation when the rule governing their
behavior  is  schizophrenic,  meaning  the  investor  holds  multiple  seem-
ingly  contradictory  beliefs  simultaneously,  either  by  switching  between
two different  rules  at  each  time step,  or  computing  different  responses
to different assets.

1. Introduction

Observed complexity  need not  be  the  result  of  a  complex underlying
process.  Indeed,  simple  rules  often  lead  not  merely  to  complex-
looking behavior, but to complete universal computability [1]; in this
sense,  simple  rules  can  lead  to  maximally  complex  behavior.  It  is
therefore useful to explore the simplest possible rules that can lead to
complexity.

Traditionally agent-based models have employed numerous hetero-
geneous agents [2]. One of the reasons has been because a model of a
single  rational  representative  agent  has  historically  had  difficulty  ex-
plaining various stylized facts about the market such as skewness and
excess kurtosis [3]. Chaos can emerge from combinations and interac-
tions of agents switching between simple strategies [4], from stochas-
tic  simulations  of  the  mood  of  behavioral  investors  and  optimal
switching  between behavioral  and rational  groups  [5],  from the  herd
behavior that can result from learning such as by a genetic algorithm
[6], and even from non-strategic and not fully rational agents [7]. It is
thus  interesting  and important  to  determine  the  simplest  possible  de-
terministic model that generates such complexity so that more compli-
cated strategies may be compared to a standard benchmark.

Maymin  [8]  introduced  a  model  of  a  deterministic  representative
agent trading a single asset based solely on its price history and found
that of the 128 distinct possible rules, only one generated complexity.
Because the rule is  unique,  and because it  relies  on only one investor
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trading  only  one  asset  based  only  on  past  movements,  this  model  is
known  as  the  minimal  model  of  financial  complexity.  Furthermore,
this minimal model was able to explain many stylized facts about the
market.  However,  by  construction  such  a  one-asset  minimal  model
cannot  shed  light  on  cross-asset  correlations  either  in  the  average  or
as  its  dynamics  relate  to  overall  market  movements,  for  example,
whether  correlations  increase  or  decrease  in  the  event  of  a  market
downturn.

To address these issues, this paper extends the minimal model of fi-
nancial complexity in two ways. The first extension ostensibly allows
for multiple investors by allowing different rules to govern on consec-
utive  time  steps.  One  interpretation  of  this  wrinkle  is  that  there  are
two  investors  who  take  turns  being  the  “representative”  investor.
However,  an  alternative  interpretation  is  that  there  is  still  a  single
unique  representative  investor,  but  that  investor  follows  a
schizophrenic  rule  that  is  a  combination  of  two other  rules.  The  im-
pact of  this  first  extension is  that there are many pairs  of  rules,  each
of which by themselves do not generate complexity,  that do generate
complexity when they are alternated.

The second extension allows for multiple assets. The representative
agent follows a single deterministic trading rule, but that rule governs
the  portfolio  decision  of  every  asset  jointly.  In  other  words,  rather
than merely deciding at each time step whether to buy or sell the mar-
ket  asset  based  on  the  past  few  movements  of  the  market  asset,  the
representative  investor  must  decide  at  each time step  whether  to  buy
or  sell  each of  the  available  assets  based on the  past  few movements
of  each  of  the  assets.  This  representative  investor  is  considered
schizophrenic  as  well  because  he  essentially  evaluates  assets  differ-
ently even if they have the same history of past movements. 

In each case, the criteria for complexity in this paper is a combina-
tion  of  perceived  complexity  and  some  standard  statistical  measures.
The rest of this paper is organized as follows. Section 2 introduces the
terminology  and  reviews  the  minimal  model  of  financial  complexity.
Section  3  demonstrates  the  results  of  the  schizophrenic  investor  who
switches rules at each time step. Section 4 demonstrates the results of
the  schizophrenic  investor  who  follows  a  single  rule  but  on  two  as-
sets. Section 5 concludes.

2. The Basic Model

The basic model uses an iterated finite automaton (IFA) applied to the
past w movements of the asset in reverse order (i.e., starting with the
most recent one first). An IFA is fully represented by a state transition
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diagram.  For  example,  the  diagram  for  the  minimal  model  of  finan-
cial complexity known as rule 54 is shown in Figure 1.

Every  IFA  has  a  finite  number  of  states.  The  minimal  number  of
states  for  nondegenerate  cases  turns  out  to  be  two;  these  two  states
are labeled “1” and “2” in Figure 1. The investor always starts in the
special  state “1” each day.  Then he looks back on yesterday’s  move-
ment. Was the market UP yesterday? Then he follows the arrow leav-
ing  state  “1”  that  is  labeled  “UP”.  That  arrow  leads  back  to  state
“1”. Was the market UP the day before yesterday? Then the investor
again  follows  the  “UP”  arrow.  If  the  market  had  been  down,  he
would have followed the “DOWN” arrow. 

UP Æ Sell

DOWN Æ Buy

UP Æ Buy

DOWN Æ Sell 12

Figure 1. The diagram for rule 54, the minimal model of financial complexity.

The right-hand side of the label of each arrow that he is following
represents the investor’s current inclination to buy or sell the asset. So
after  looking  at  yesterday’s  UP  return,  he  would  be  inclined  to  sell,
but he does not do so yet, because he has not gone through all of the
past  price  movements.  Only  on  the  last  movement  does  the  investor
decide whether to buy or sell, based on what is on the most recent ar-
row that he followed.

The number of past movements that the investor looks at is called
his  lookback window and is  denoted  w.  The  number  of  states  in  his
IFA is  denoted s  and the number of possible “actions” is  denoted by
k. An action is a possible decision he might make. In the previous ex-
ample,  the  investor  had  k = 2 possible  actions,  buy  or  sell.  If  the  in-
vestor  could  also  choose  to  hold,  then  he  would  have  k = 3 possible
actions.

The initial  history  is  for  convenience  assumed to  be  a  sequence  of
w  buys.  For  rules  that  generate  complexity,  this  choice  of  initial  his-
tory is arbitrary because any other choice merely shifts the entire time
series forward or backward.

The number of different possible rules for an IFA with s states and

k  actions is  Hs ÿ kLsÿk  and [9]  lays  out  a convenient  numbering scheme
such  that  any  such  IFA  can  be  uniquely  identified  by  a  number  be-

tween  0  and  Hs ÿ kLsÿk - 1.  For  example,  in  the  2-state,  2-action  mini-

mal  IFAs,  there  are  44 = 256  different  possible  rules.  However,  half
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of  those  rules  are  effectively  duplicates  because  they  merely  relabel
state  “1”  as  state  “2”  and  vice-versa.  Of  the  128  unique  rules,  only
one  (rule  54)  generates  complex  behavior,  where  complexity  is  de-
fined as having a period of at least half of the maximum possible cy-
cle  length:  for  a  lookback  window  of  w  and  k  possible  actions,  the
IFA must cycle within kw  time steps because the sequence of past his-
tory must have repeated itself at least once by then. 

3. Alternating Rules

Imagine  if  the  representative  investor  changes  which  rule  he  follows
every  day.  Specifically  imagine  if  he  alternates  between  two different
rules.  On  day  one  and  all  subsequent  odd-numbered  days,  he  evalu-
ates  the  last  w  price  movements  of  the  market  asset  by  following
rule!1. On day two and all subsequent even-numbered days, he evalu-
ates  the  last  w  price  movements  of  the  market  asset  by  following
rule!2.  In  this  sense  he  is  a  schizophrenic  representative  investor,
where schizophrenic is used in its nonmedical sense to mean a person
simultaneously holding conflicting beliefs.

Would  such  a  situation  result  in  more  rules  that  generate  com-
plexity?  This  question  demonstrates  the  necessity  of  actually  doing
the simulation to determine the answer. For example, a slightly differ-
ent question generates a completely different answer: if we fix the rule
but  alternate  the  lookback  window between  w  to  w + 1,  it  turns  out
there is no rule, including rule 54, that generates complexity.

However,  in  the  case  of  alternating  rules,  there  are  substantially
more  combinations  that  generate  complexity.  Figure  2  lists  all  of  the
pairs of rules that generate complex financial time series with a period
at least as long as that of the single rule 54. 

There  are  a  total  of  68  rule  pairs  exhibiting  complexity  and  only
two singlet rules: the rule pair (54, 54), which is the same as the single
rule 54, and the rule pair (201, 201), which is the same as the single
rule 201. Each has a period of 889. Recall that rule 201 is the same as
rule 54 but with states 1 and 2 relabeled.

The rule pairs are not symmetric. Notice that the rule pair (39, 54)
is complex but the rule pair (54, 39) is not. Figure 3 illustrates the de-
cision  process  of  an  example  alternating  representative  investor  fol-
lowing  the  rule  pair  (39,  54),  meaning  he  follows  rule  39  on  odd
days, and rule 54 on even days.
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Figure 2.  Pairs of alternating rules that generate complex financial time series.
Darker squares correspond to greater complexity.

Odd Days : Rule 39

UP Æ Sell

DOWN Æ Sell

UP Æ Buy

DOWN Æ Buy 12

Even Days : Rule 54

UP Æ Sell

DOWN Æ Buy

UP Æ Buy

DOWN Æ Sell 12

Figure 3. The diagram of schizophrenic rule pair (39, 54).
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Note that rules 39 and 54 are quite similar: in each case, state 1 is
an  UP-absorbing  state  and  state  2  is  a  DOWN-absorbing  state.  The
only differences are the desired trade output when following DOWN
arrows  into  state  2.  Rule  54  essentially  sells  if  the  two  oldest  data
points  were  the  same,  and  buys  otherwise,  while  rule  39  buys  if  the
second-oldest data point was DOWN and sells if it was UP.

Figure  4  shows  an  example  of  how  two  rules,  each  of  which  by
itself  generates  repetitive,  non-complex  time  series,  can  combine  to
generate extended complexity. 

200 400 600 800 1000
-10

10
20
30
40
50
60

852<

200 400 600 800 1000

200

400

600

800

1000
899<

200 400 600 800 1000

-25

-20

-15

-10

-5

0
852, 99<

Periods852<Ø 30899<Ø 1852, 99<Ø 1588

Figure 4. Financial time series generated by rule 52 by itself, rule 99 by itself,
and the schizophrenic rule pair (52, 99).

Rule  52 by  itself  has  a  period of  30,  meaning  its  sequence  of  UPs
and DOWNs repeat every 30 time steps. Rule 99 is even simpler: it al-
ways  goes  UP  so  it  has  a  period  of  1  time  step.  But  when  the
schizophrenic  representative  investor  alternates  between  rule  52  and
rule 99, the resulting time series is even more complex than the single
rule 54: its period is 1588. 

Figure 5 graphs all  of the distinct complex time series that can re-
sult  from  the  rule  pairs.  A  schizophrenic  representative  investor  has
substantially more variety and diversity in complexity than the single
rule!54.
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Figure 5. All  possible  distinct  financial  time series  generated by schizophrenic
rule pairs.

4. Multiple Assets

To  extend  the  basic  model  to  allow  for  the  simultaneous  pricing  of
multiple assets, we can interpret each of the k actions as representing
an entire  portfolio.  Consider  the  case  of  m = 2 assets,  each of  which
could  be  either  bought  or  sold.  Then  there  are  k = 2m  possible  ac-
tions. Interpreting the number k in base-2 gives us a zero or a one for
each asset, representing either a sale or a buy, respectively.

Allowing multiple assets increases the search space of possible rules

exponentially because the number of possible rules is Hs ÿ 2mLsÿ2m
. Even

for m = 2 assets and still  only s = 2 states,  there are 88 = 16 777 216
possible rules. 

The natural extension of assuming all  up movements for an initial
history is to assume that each asset had all up movements in its initial
history; thus, the initial history would be a w-length sequence of iden-
tical  actions,  namely  2m - 1,  which  in  binomial  notion  is  a  sequence
of m ones.

How many of those millions of rules actually generate complex be-
havior  in  each  of  the  financial  assets?  We  can  run  each  of  the  rules
with a lookback window of, for example, w = 12 and count the num-
ber  of  rules  that  generate  asset  histories  for  100  time  steps  without
repetition  in  either  asset  and  for  which  the  two  assets  are  not  either
identical (correlation of one) or exactly opposite (correlation of nega-
tive one). 
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There are 6266 rules that fit those criteria. Some of those rules are
repeats; there are only 3986 distinct rules. That means less than 2 per-
cent of 1 percent of all of the 16 777 216 possible rules generate com-
plex behavior. Unlike the minimal model of financial complexity with
a single asset, these rules are not unique, but they are still quite rare.

Figure 6 depicts some of the stylized forms the transition diagrams
for  these  rules  take.  The  largest  difference  is  that  instead  of  two  ar-
rows exiting each state, representing an UP or DOWN in the past his-
tory  of  returns,  there  are  now four  arrows  leaving  each  state,  repre-
senting the combination of directions for both assets.

12 12

12 12

Figure 6. Sample stylized transition diagrams for rules with multiple assets.

What do the evolutions of these rules look like? Figure 7 shows the
accumulation of 500 time steps for both assets from each of the 3986
complex rules. Thus, there are 7972 time series plots in Figure 7. (For
printing purposes, Figure 7 actually plots a random subsample of the
7972  time  series  plots,  but  the  difference  with  the  complete  plot  is
visually  negligible.)  Note  that  the  most  extreme  possible  time  series
would be lines starting from the origin and ending either at +500 or
-500 because those would represent all UPs or all DOWNs for the as-
set  in  question.  None  such  appear  because  such  evolutions  are  non-
complex and were filtered when we discarded short-cycle evolutions.

Just  about  every  possible  path  seems  to  be  represented  here.  But
with what probability? Figure 8 shows the histogram of the terminal
values of each of the assets.

Notice that the distribution appears to be slightly negative skewed
and  fat-tailed.  Indeed,  the  skewness  of  the  distribution  is  -0.39  and
the kurtosis is 5.2. This conforms with typical stylized facts about the
markets  that  also often appear  to  have negative  skewness  and excess
kurtosis.
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Figure  7. A  random  sampling  of  the  complex  financial  time  series  generated
for each of the two assets by two-asset rules.

Figure 8. Histogram of terminal values of two assets.

However,  those  numbers  are  cross-sectional  in  nature,  and  look
across a variety of different rules. A more interesting measure of com-
plexity is not the simple overall value but the diversity that is possible. 

What does the distribution of the skewness and kurtosis look like if
we  compute  them  for  each  possible  path  of  each  asset?  Figure  9
shows  the  results.  Note  that  these  histograms  are  plotted  on  a  log-
probability scale so that the outliers are visible.

Notice  the  broad  range  of  skewness  and  kurtosis  that  is  possible.
Just  as  in  the  real  world  we  see  both  positive  and negative  skewness
for different assets, so too do we see them as the result of this model.
And  just  as  in  the  real  world  we  see  occasionally  thinner  tails
(kurtosis  below three),  medium tails  (kurtosis  around  three),  and  fat
tails  (kurtosis  above  three),  so  too  do  we  see  them emerge  from this
model, including outliers as high as 12.
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Figure  9. Histograms of  skewness  and kurtosis  measured along the  generated
paths of two assets.

We can also look at the distribution of pairwise correlations by cal-
culating  the  correlation  between  the  two  assets  in  a  given  rule,  and
plotting the histogram of all such correlations across all of the interest-
ing rules (see Figure 10).

The pairwise correlations tend to be clustered around zero, though
there are extremes stretching as far as -0.96 and +0.86. But how do
these correlations relate to recent activity in the two assets?

Let us calculate the rolling correlation over 50 time steps and com-
pare it  to the return of the best-performing asset  in that same period
of  50  time  steps.  Why  the  return  of  the  better-performing  asset?  Be-
cause  we  know if  the  better  one  has  a  negative  return,  then  so  must
the other one, and because this way we can see if there is a difference
between environments  where one asset  is  up and one is  down as op-
posed to an environment where both are down. With those numbers,
we can then plot the relationship between the correlation and the re-
turn of the better asset across all time periods and all interesting rules
(see  Figure  11,  which again for  printing considerations  actually  plots
a  random subsample  that  is  visually  indistinguishable  from the  com-
plete plot).
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Figure  10. Histogram of  the  correlation between two assets  along the  sample
paths generated by complex two-asset rules.

-0.5 0.0 0.5 1.0

-0.5

0.0

0.5

1.0
Correlation vs. Max Return

Figure  11. Scatterplot  of  the  correlation  between  the  two  assets  (y  axis)  and
the return of the better-performing asset (x axis).

Notice  that  when  the  better-performing  asset  is  negative,  meaning
both assets  had negative  returns  for  the  period,  the  correlation tends
to increase the worse the performance is.  In other words,  in times of
broad  market  corrections,  the  deeper  the  correction,  the  higher  the
correlation.  This  also  conforms  with  a  broad  stylized  fact  about  the
market.

Similarly,  but  less  pronounced,  as  the  better-performing  asset  in-
creases in return, the correlation has a tendency to decrease. 

Combining these two insights and recalling that the implied volatil-
ity  for  options  on  an  index  depends  strongly  on  the  implied  correla-
tion between the constituent assets comprising the index suggests that
the  implied  volatility  skews  on  options  traded  on  the  market  would
have a steep skew for puts and a less steep but still downward sloping
skew  on  calls,  matching  another  stylized  fact  about  index  implied
volatility markets.
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5. Conclusion and Summary

The  complexity  we  observe  in  financial  time  series  need  not  result
from complexity in the fundamental rules of the market. A generic de-
scription of simple rules is presented that generates complexity similar
to those in the real world. Even a representative investor trading a sin-
gle market asset can generate complexity with a simple, naïve, and de-
terministic rule. 

Multiple traders can be modeled as a sequence of representative in-
vestors  each  following  a  simple  rule.  An  alternative  interpretation  is
that there is  still  only a single representative investor,  but the rule he
follows alternates between days.

Multiple  assets  can  be  modeled  by  reinterpreting  the  possible  ac-
tions of each trade to represent choices about every possible asset.

The variety  and complexity  of  possible  results  matches  that  found
in  the  real  world.  The  generated  time  series  tend  to  have  negative
skewness,  high kurtosis,  and correlations that increase during market
downturns. 

All these results occur without any parameter fitting but merely by
exploring the space of possible rules given a simple framework. 

References

[1] S.  Wolfram,  A New Kind  of  Science,  Champaign,  IL:  Wolfram Media,
Inc., 2002.

[2] C.  Chiarella,  R.  Dieci,  and  X-Z.  He,  “Heterogeneity,  Market  Mecha-
nisms,  and  Asset  Price  Dynamics,”  in  Handbook  of  Financial  Markets:
Dynamics and Evolution (T. Hens and K. Schenk-Hoppé, eds.), Amster-
dam: Elsevier, 2009 pp. 277–344.
doi:10.1016/B978-012374258-2.50009-9.

[3] C.  Chiarella,  X-Z.  He,  and  M.  Zheng,  “An  Analysis  of  the  Effect  of
Noise  in  a  Heterogeneous  Agent  Financial  Market  Model,”  Journal  of
Economic Dynamics and Control, 35(1), 2011 pp. 148–162.
doi:10.1016/j.jedc.2010.09.006.

[4] W. A. Brock and C. H. Hommes, “Heterogeneous Beliefs and Routes to
Chaos in a Simple Asset Pricing Model,” Journal of Economic Dynam-
ics and Control, 22(8–9), 1998 pp. 1235–1274.
doi:10.1016/S0165-1889(98)00011-6.

[5] S-H. Chen, T. Lux, and M. Marchesi, “Testing for Non-linear Structure
in an Artificial Financial Market,” Journal of Economic Behavior & Or-
ganization, 46(3), 2001 pp. 327–342.
doi:10.1016/S0167-2681(01)00181-0.

72 P. Z. Maymin

Complex Systems, 22 © 2013 Complex Systems Publications, Inc. 
https://doi.org/10.25088/ComplexSystems.22.1.61



[6] C. Chiarella, M. Gallegati, R. Leombruni, and A. Palestrini, “Asset Price
Dynamics  among  Heterogeneous  Interacting  Agents,”  Computational
Economics, 22(2–3), 2003 pp. 213–223.
doi:10.1023/A:1026137931041.

[7] B. D. Kluger and M. E. McBride, “Intraday Trading Patterns in an Intel-
ligent  Autonomous  Agent-Based  Stock  Market,”  Journal  of  Economic
Behavior & Organization, 79(3), 2011 pp. 226–245. 
doi:10.1016/j.jebo.2011.01.032.

[8] P. Z. Maymin, “The Minimal Model of Financial Complexity,” Quanti-
tative Finance, 11(9), 2011 pp. 1371–1378.
doi:10.1080/14697681003709447.

[9] S. Wolfram. “Iterated Finite Automata.” (Nov 17, 2003)
http://www.stephenwolfram.com/publications/recent/iteratedfinite.

Schizophrenic Representative Investors 73

Complex Systems, 22 © 2013 Complex Systems Publications, Inc. 
https://doi.org/10.25088/ComplexSystems.22.1.61



<<
  /ASCII85EncodePages false
  /AllowPSXObjects false
  /AllowTransparency false
  /AlwaysEmbed [
    true
  ]
  /AntiAliasColorImages false
  /AntiAliasGrayImages false
  /AntiAliasMonoImages false
  /AutoFilterColorImages true
  /AutoFilterGrayImages true
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CheckCompliance [
    /None
  ]
  /ColorACSImageDict <<
    /HSamples [
      1
      1
      1
      1
    ]
    /QFactor 0.15000
    /VSamples [
      1
      1
      1
      1
    ]
  >>
  /ColorConversionStrategy /LeaveColorUnchanged
  /ColorImageAutoFilterStrategy /JPEG
  /ColorImageDepth -1
  /ColorImageDict <<
    /HSamples [
      1
      1
      1
      1
    ]
    /QFactor 0.15000
    /VSamples [
      1
      1
      1
      1
    ]
  >>
  /ColorImageDownsampleThreshold 1.50000
  /ColorImageDownsampleType /Bicubic
  /ColorImageFilter /DCTEncode
  /ColorImageMinDownsampleDepth 1
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /ColorImageResolution 300
  /ColorSettingsFile ()
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /CreateJDFFile false
  /CreateJobTicket false
  /CropColorImages false
  /CropGrayImages false
  /CropMonoImages false
  /DSCReportingLevel 0
  /DefaultRenderingIntent /Default
  /Description <<

  >>
  /DetectBlends true
  /DetectCurves 0
  /DoThumbnails false
  /DownsampleColorImages true
  /DownsampleGrayImages true
  /DownsampleMonoImages true
  /EmbedAllFonts true
  /EmbedJobOptions true
  /EmbedOpenType false
  /EmitDSCWarnings false
  /EncodeColorImages true
  /EncodeGrayImages true
  /EncodeMonoImages true
  /EndPage -1
  /GrayACSImageDict <<
    /HSamples [
      1
      1
      1
      1
    ]
    /QFactor 0.15000
    /VSamples [
      1
      1
      1
      1
    ]
  >>
  /GrayImageAutoFilterStrategy /JPEG
  /GrayImageDepth -1
  /GrayImageDict <<
    /HSamples [
      1
      1
      1
      1
    ]
    /QFactor 0.15000
    /VSamples [
      1
      1
      1
      1
    ]
  >>
  /GrayImageDownsampleThreshold 1.50000
  /GrayImageDownsampleType /Bicubic
  /GrayImageFilter /DCTEncode
  /GrayImageMinDownsampleDepth 2
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /GrayImageResolution 300
  /ImageMemory 1048576
  /JPEG2000ColorACSImageDict <<
    /Quality 30
    /TileHeight 256
    /TileWidth 256
  >>
  /JPEG2000ColorImageDict <<
    /Quality 30
    /TileHeight 256
    /TileWidth 256
  >>
  /JPEG2000GrayACSImageDict <<
    /Quality 30
    /TileHeight 256
    /TileWidth 256
  >>
  /JPEG2000GrayImageDict <<
    /Quality 30
    /TileHeight 256
    /TileWidth 256
  >>
  /LockDistillerParams false
  /MaxSubsetPct 100
  /MonoImageDepth -1
  /MonoImageDict <<
    /K -1
  >>
  /MonoImageDownsampleThreshold 1.50000
  /MonoImageDownsampleType /Bicubic
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /MonoImageResolution 1200
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /NeverEmbed [
    true
  ]
  /OPM 1
  /Optimize true
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MarksOffset 6
      /MarksWeight 0.25000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXBleedBoxToTrimBoxOffset [
    0
    0
    0
    0
  ]
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXOutputCondition ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputIntentProfile ()
  /PDFXRegistryName ()
  /PDFXSetBleedBoxToMediaBox true
  /PDFXTrapped /False
  /PDFXTrimBoxToMediaBoxOffset [
    0
    0
    0
    0
  ]
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /ParseICCProfilesInComments true
  /PassThroughJPEGImages true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /sRGBProfile (sRGB IEC61966-2.1)
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice




